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Abstract 

Reconstructing ancient transportation networks is critical to studying past human mobility patterns. China’s Haidai 
region was a thriving political and economic hub during the Bronze and Early Iron Ages. We used GIS spatial 
analysis techniques to build a “Settlement Interaction Model” based on archaeological data from the Haidai region 
during the Bronze and Early Iron Age (Shang Dynasty, Western Zhou Dynasty, Spring & Autumn Period, and Warring 
States period). The eight-level road network maps with traffic attributes were distinguished based on topography 
and settlement size. The total lengths of the road networks were estimated to be 19,112 km in the Shang Dynasty, 
35,269 km in the Western Zhou Dynasty, 51,555 km in the Spring & Autumn Period, and 77,456 km in the Warring 
States Period, with the average road flows of 6.6, 31.7, 42.8, and 75.5, respectively. The Z score and one-sample 
t-test (p < 0.01) confirmed the reliability of the reconstructed road networks. The Shang Dynasty saw the sporadic 
appearance of simple road routes. More complex routes emerged during the Western Zhou Dynasty and Spring 
& Autumn Period. The road networks were finally built during the Warring States Period. The development of road 
networks was closely related to population growth and urbanization. Exploring methods for reconstructing road 
networks may help us uncover ancient road networks and better understand ancient cultural exchanges.
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Introduction
Cultural exchange and integration facilitated social 
progress and civilization development, and the 
communication network, particularly the road network, 
gradually formed and evolved as a result, promoting 

human migration, material exchange, and cultural 
communication. Primitive paths were formed alongside 
human dispersal during the Paleolithic Age, including 
the African path of Homo sapiens migration [1–3]. 
The establishment of initial exchange routes then had 
an impact on the spread of language and culture in 
the Neolithic-Bronze Age [4–7], especially with food 
globalization and the spread of metal smelting technology 
[8–11]. Increased food production and productivity 
have significantly aided population growth and social 
development. The “Silk Road” stretched across Eurasia 
for nearly two millennia [12, 13], and the “New Voyages” 
opened in the fifteenth-sixteenth centuries, connecting 
the entire world and contributing to social development 
and civilizational collisions [14].

Simulating ancient road networks is crucial for 
understanding ancient communication [15–18]. 
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Archaeologists and historians used historical documents 
and archaeological data to infer the discontinuous 
transmission routes of materials and technologies 
in ancient societies, such as crop diffusion [19], 
domesticated animals [20] and metal smelting [11, 21]. 
Nowadays, with the aid of powerful spatial analysis tools 
like Geographic Information Systems (GIS), continuous 
communication routes or networks have been simulated, 
such as the early human diffusion routes and modes [1, 
22, 23], mobile network of animal husbandry groups [12], 
ancient maritime exchange route network [24, 25], and 
the ancient routes from historical records (e.g., the Silk 
Road and the Tangbo ancient route) [26, 27]. Additionally, 
road flow simulation was used to better understand the 
characteristics of ancient road networks. Howey [28] 
took the road network as a circuit, where the current 
intensity in the circuit was depicted by the probability of 
passing through a node. In addition, a “From Everywhere 
to Everywhere” (FETE) model was used to simulate the 
natural formation process of roads without requiring 
input from origins and destinations [29]. A high-
resolution mobility network in Asian highland grasslands 
was created by simulating pastoralists’ seasonal nomadic 
activities [12]. According to these research ideas, spatial 
analysis techniques should be used to reconstruct road 
networks at various levels using known archaeological 
data in an area with frequent human activity, as well as 
to recover complex communication patterns and road 
network evolution patterns among complex settlements 
within cultural zones to gain a better understanding of 
past inter-population communication.

The Haidai region was an important birthplace 
of Chinese civilization and one of the political and 
economic centers from the Bronze to the Early Iron 
Age [30, 31]. During the Bronze to Early Iron Age, 
cities and populations increased rapidly [32, 33], and 
the Haidai region advanced significantly before being 
incorporated into the Shang kingdom (1600–1046 B.C.). 
This region saw the emergence of regional centers such as 
Daxinzhuang, Subutun, and Qianzhangda, as well as the 
discovery of numerous bronze artifacts and oracle bone 
inscriptions [34, 35]. The “System of Enfeoffment” then 
triggered the peak of city building in the Haidai region 
during the early Zhou Dynasty [36], with Qi, Lu, and Ju 
states forming and their capitals gradually becoming 
regional metropolises. For example, Qufu was one of 
the first cities and the longest-serving capital [37], while 
Linzi was one of the largest at the time, covering an area 
of more than 15  km2 [38]. Furthermore, commercial 
activities in the Haidai region, such as salt production 
and iron smelting, boosted human communication. 
Linzi, as the capital of Qi State, was a major iron smelting 
center during the Warring States Period [39], and a 

large number of salt workshop site clusters were also 
investigated in the Xiaoqing River in north Shandong 
[40]. The complex trade network gradually developed, 
aided by tremendous advancements in craftsmanship 
and business organization patterns in the Haidai region 
during the Bronze and Early Iron Ages [41–43].

The Settlement Interaction Model (SIM) was 
developed to trace the traffic road network in the Haidai 
region, and it is based on the concept of least-cost 
paths (LCPs) and urban interaction theory in economic 
geography [44]. Taking into account settlement size and 
topography, river systems, vegetation, and other natural 
factors, road networks were graded according to the 
intensity of interaction caused by road flow between 
settlements. The road networks in the Haidai region 
were then reconstructed for four periods, namely the 
Shang Dynasty (1600–1046 B.C.), Western Zhou Dynasty 
(1046–771 B.C.), Spring & Autumn Period (771–476 
B.C.), and Warring States Period (476–221 B.C.), 
with lengths and morphologies of the road networks 
calculated and analyzed in each period. Furthermore, the 
influencing factors were briefly discussed. This approach 
provided a new perspective on regional mobility, which 
is critical in revealing the evolutionary process of road 
networks and investigating the relationship between 
human communication and the physical environment.

Study area
The Haidai region (114°48′–122°42′E, 34°23′–38°17′N) 
is located in the east part of North China, which covers 
an area between the Bohai Sea (Hai) and Mount Tai 
(Dai). The Haidai cultural area gradually formed around 
4000 BC and belonged to the Neolithic Age [30, 31]. It is 
centered on the Taiyi Mountain system, which stretches 
east to the Yellow Sea and west to the Cangzhou-
Dezhou-Puyang line, with the Bohai Sea to the north 
and the North Jiangsu Plain to the south. The Haidai 
region is characterized by mountainous terrain with 
plains and basins interspersed. The complex topography 
includes mountains in the center, low-lying areas in the 
southwest and northwest, and gently undulating hills in 
the east. The Taiyi Mountain Range, Lushan Mountain, 
Mengshan Mountain, and other mountains make up the 
majority of Shandong’s mountainous area. Mount Tai has 
an elevation of 1500 m above sea level at its peak, with a 
relative height of 1300  m between the top and the foot 
of the mountain. As a result, the rugged mountainous 
landscape of central Shandong hampered north–south 
communication. Furthermore, the Yellow River flows 
from southwest to northeast into the Bohai Sea, and 
the river valleys formed by rivers in the Haidai region 
cut through the mountain systems, likely aiding human 
migration through the Haidai region.
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Furthermore, the Haidai region is located in the warm 
temperate monsoon climate zone, with an average 
annual temperature of 11–14  °C and an average annual 
precipitation of 550–950  mm. Shandong’s vegetation is 
primarily made up of coniferous forests and deciduous 
broad-leaved forests, which reflect the region’s complex 
and diverse topography and the characteristics of a warm 
temperate monsoon climate.

Materials
Many archaeological sites’ data were primarily derived 
from “The Atlas of Chinese Cultural Relics”, which 
included volumes on Shandong, Jiangsu, Anhui, Hebei, 
and Henan [45–49], as well as published excavation 
reports. Each site’s details were meticulously recorded, 
including its number, era, area, latitude, and longitude. 
The digital elevation model (DEM) was obtained from 
a joint publication of the Ministry of Economy, Trade, 
and Industry of Japan (METI) and the United States 
National Aeronautics and Space Administration (NASA), 
specifically the 30  m SRTM (Shuttle Imaging Radar 
Topographic Mapping) (http://​www.​gsclo​ud.​cn), and 

a DEM was obtained using the “mosaic” and “mask 
extraction” functions in ArcGIS Pro. Furthermore, the 
ground cover data was based on a 1:4,000,000 vegetation 
map (http://​westdc.​westg​is.​ac.​cn), while the original 
data for the water systems came from the National 
Geographic Information Resource Catalogue Service 
(www.​webmap.​cn). To achieve more accurate ancient 
topography, ancient maps were reregistered using 
volume 1 of “The Historical Atlas of China” and related 
elements, such as ancient lakes and rivers, were digitized 
in the Haidai region [50] (Fig. 1).

Methods
In spatial archaeology, computer simulations have 
become valuable tools for reconstructing ancient paths 
and road networks [17, 51]. The LCPs calculation 
method is widely used in archaeology, particularly for 
reconstructing and analyzing ancient pathways and 
migrated networks [1, 15, 17]. However, these methods 
face numerous challenges. The technique is primarily 
helpful for calculating a single optimal path, which 
presents a limitation when investigating multiple 

Fig. 1  Locations of the Haidai region of China

http://www.gscloud.cn
http://westdc.westgis.ac.cn
http://www.webmap.cn


Page 4 of 14Yong et al. Heritage Science          (2024) 12:145 

potential routes between settlements. Most LCPs 
methods prioritize cost considerations in modeling, 
ignoring the importance of specific settlements 
and the intensity of their connections. As a result, 
networks reconstructed via simple LCPs approaches 
often lack hierarchical structure and centrality, 
while exhibit high redundancy [52]. Reconstructing 
intricate communication networks for a large number 
of settlements (for instance, exceeding 1000) poses a 
significant challenge, especially when attempting to 
reveal the complexity of interactions across a broader 
geographical scale. To address these issues, we used the 
SIM in our research, a novel approach combining LCPs, 
settlement interactions, and the comparison of traffic 
to hydrologic flow. Figure 2 shows the overall flowchart 

for this method. Initially, the Pandolf equation was 
used to calculate the friction surface for movement, 
referred to as the travel metabolic rate. The accumulated 
cost surfaces were then calculated using the friction 
surface and settlement points. Incorporating past 
road influences into the accumulated cost surfaces is 
useful for studying the evolution of road networks [53]. 
However, using incomplete archaeological records as 
data input can complicate road simulations and lead 
to biased estimates. Past roads can only be included 
as a parameter in SIM if sufficient archaeological data 
is obtained in the future. This study proposes that the 
significance of roads within the network, referred to 
as “traffic flow” in later sections, is determined by the 
interaction strength between connected settlements, 

Fig. 2  Settlement Interaction Model workflow diagram
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which is primarily influenced by distance and size [54]. 
Given the scarcity of archaeological data, a parameter-
free radiation model was used to estimate the intensity 
of ancient exchanges [55]. The final roads were classified 
as surface drainage and extracted using a surface 
hydrological analysis method. Subsequently, a method 
for assessing the accuracy of the road network was 
implemented. Finally, the distinction between “road” and 
“route” should be clarified to avoid misunderstandings. A 
“road” was defined as a pathway with specific traffic flow 
characteristics, the magnitude of which was determined 
by the intensity of interactions between settlements along 
the way. A “route” was defined as a set of road segments 
that connect one settlement to another, emphasizing the 
continuity of space and direction.

Data collection and pre‑processing
Extensive data collection was carried out before restoring 
the road network to ensure the accuracy of road network 
generation. Ancient archaeological sites were collected 
between this region and the surrounding areas, including 
Shandong and relevant areas in Hebei, Henan, Anhui, 
and Jiangsu provinces, to rebuild the entire road network. 
The text descriptions of sites were gathered from the atlas 
and reports, as described in Sect. “Materials”. Then, all of 
these locations were manually marked on Google Earth 
and their decimal coordinate information was entered 
into the database.

The “Slope” tool in ArcGIS Pro calculates slope data 
from the DEM, which serves as the terrain foundation 
for model operation and analysis. However, it is easier for 
route simulation to traverse lakes and rivers because its 
lower slopes are typically depicted as flat terrain in lakes 
and rivers based on the DEM, resulting in low friction 
in route simulation and guiding simulated routes across 
these lake-stream systems. Previous research assigned a 
preset friction value to the lake-stream system to block 
the route and avoid “puddle jumping” [15, 56]. Fábrega-
Álvarez and Parcero-Oubiña [57] found that assigning 
a slope value of 15° to all lake-stream systems improves 
route modeling accuracy.

In addition, land cover should be considered, as it 
significantly impacts walking energy consumption [15, 
29]. Due to a lack of high-resolution paleovegetation 
data in this area, modern vegetation cover data was 
found to be an acceptable compromise [12, 29, 56]. As a 
result, this study relied on the People’s Republic of China 
Vegetation Map for surface cover data. To account for 
varying resistance effects, assign a reasonable terrain 
factor [η in Eq. (1)] to each vegetation type [29, 58]. The 
forest factor was set to 1.5, shrub and farmland to 1.2, 
and water system to 1.8. The topographic factors were 

then assigned to different vegetation grids using ArcGIS 
Pro’s “Raster Calculator.”

Modeling of LCPs friction surface based on Pandolf 
equation
LCPs essentially represent the impact of geographic 
constraints on travel within the spatial landscape 
as “resistance”—the “friction surface” proposed in 
this paper. This is commonly measured in terms of 
expenditure on time or energy [29, 59–61]. In this 
study, the Pandolf equation was used to establish a more 
quantifiable measure of resistance within the spatial 
landscape, which translated some geographic constraints 
into travel costs, such as terrain, slope, and walker 
fundamentals. This equation was used to calculate the 
unit energy cost of movement in a study area because it 
is helpful for calculating energy expenditure while slow 
walking [60]. The standard equation read as follows:

where MRT is the metabolic rate of travel (in W or J/s), 
w is the mass of the traveler (in kg), l is the weight of the 
load (in kg), η is the terrain factor, v is the walking speed 
(in m/s), and sp is the percentage slope. The average 
height of men was around 165  cm in the Yellow River 
basin of China during the Shang and Zhou periods [62], 
and the average weight of ancient people was set at 60 kg 
(w), in consideration of the nutritional status of humans 
at that time, which should be poorer than the modern 
people. The load weight was set at 5 kg (l) because White 
and Barber [29] demonstrated that the load weight 
has less effect on the main routes, and a smaller load is 
better for identifying high-traffic routes. In addition, the 
walking speed v was derived from the well-known Tobler 
hiking function [61], which portrayed the nonlinear 
relationship between human walking speed and slope, 
expressed as:

where v denotes the walking speed (in m/s), k denotes 
the percentage slope, and θ is the slope size (in degrees). 
Finally, a conversion factor was multiplied to convert the 
original unit of velocity from km/h to m/s. To obtain the 
percentage slope Sp, a conversion of θ was required:

(1)
MRT = 1.5 · w + 2 ·

(

l
w

)2

+ η · (w + l) ·
(

1.5 · v2 + 0.35 · ve · sp
)

(2)v =

(

6 · e−3.5·|k+0.05|
)

·

(

1

3.6

)

(3)k = tan

(

θπ

180

)
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After calculating the MRT magnitude, it was multiplied 
by a unit conversion factor (1W = 0.000239  kcal/s) to 
convert it into resistance (in kcal/s), and divided it by the 
previously calculated velocity (v) to obtain the resistance 
value per unit distance with the following equation:

where kcal represents the energy required to travel a 
unit distance (in kcal/m). This value was entered into the 
ArcGIS Pro “Distance Accumulation” tool to calculate 
the accumulated cost surfaces, representing the energy 
consumption from the origin to any point. Consequently, 
this supported the computation of the route between two 
settlements.

Evaluating settlement interaction intensity and weighted 
communication distance
The settlement interaction intensity is the scale 
of population exchanges, which is the number of 
people traveling along the roads that connect these 
settlements. The Radiation Model (TRM) was adopted 
as a quantitative indicator to quantify the intensity of 
interaction [55]. This formula is consistent with the 
first law of geography and an important archaeology 
hypothesis: the closer two settlements are geographic, the 
more frequently they interact [44, 63–65]. Notably, this 
model does not rely on observational data for parameter 
calibration. The specific formulation is as follows:

Tij represents the average flux from location i to 
location j, while Ti denotes the number of travelers 
departing from location i. The probability is denoted by pij 
from location i to location j, and mi and nj represent the 
population of location i and j respectively. Additionally, sij 
is the total population within a circle of radius rij centered 
on location i, excluding mi and nj. Hence, the interaction 
magnitude between two settlements can be described 
accurately by inputting the population information and 
settlement locations. The resulting Tij serves as a measure 
of the strength of the inter-cluster interaction and was 
utilized as a flow weighting factor of the road network.

The official population count in China began during the 
Han Dynasty (202 B.C.–220 A.D.), so prior population 
data can only be derived from historical estimates 
provided by scholars. Previous research found that 
Shandong Province had populations of approximately 

(4)sp =
θ

90◦
· 100

(5)kcal =
(0.000239)MRT

v

(6)Tij ≡ Tipij = Ti
minj

(

mi + sij
)(

mi + nj + sij
)

1.1 million, 1.4 million, 2 million, and 4.2 million during 
the Shang, Western Zhou, Spring & Autumn, and 
Warring States periods, respectively [66]. Furthermore, 
archaeological site areas served as proxies for ancient 
populations, and conversion coefficients were used to 
convert settlement areas into population numbers [67, 
68]. As a result, settlement areas in the Haidai region 
served as proxies for populations during the Bronze and 
Early Iron Ages.

Beyond the scope of the SIM inclusion section, the 
method outlined below aims to better understand the 
distance variations associated with inter-settlement 
communication, a weighted average of the settlements’ 
external communication distance was calculated based 
on the intensity of settlement interaction:

Here, ci (in km) represents the radius index of cluster 
exchange, k indicates the total number of settlements 
other than i in a particular period, and Tij and rij 
have the same meaning as above. In General, larger 
weighted averages of communication distance suggest a 
preference for long-distance communication, whereas 
smaller averages suggest a preference for short-distance 
communication.

Extraction of road network based on the flow 
accumulation model
In addition to communication routes, traffic flow should 
reflect the importance of roads. When ancient human 
mobility is envisioned as water flowing across the surface 
in spatial terms, roads exhibit a continuous convergence 
from high-cost to low-cost areas, analogous to tributaries 
merging and forming a larger mainstream [12]. The 
flow accumulation process in surface analysis was used 
to achieve the aforementioned simulative process. As 
a result, a hydrologic flow accumulation algorithm was 
used within the SIM on the accumulated cost surfaces 
to express road semantics comprehensively [69]. In 
particular, the accumulated cost surfaces correspond 
to the surface raster in the hydrologic accumulation 
algorithm, which significantly impacts the potential 
directions of human mobility at each location. Every cell 
in the space is assigned a flow weight factor, determined 
by the interaction intensity between the cell and the 
origin settlement. As a result, weights designated as 
Tij are assigned to cells at other settlement locations 
using Eq.  (6), whereas cells that do not correspond 
to settlement locations have zero weights (Fig.  3). 
As a result, the distributions of rivers represent the 
morphology of ancient roads, while river flow reflects 

(7)ci =

∑k
j=1 Tijrij

∑k
j=1 Tij
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the number of people who use them. This algorithm 
was applied to each iterative process of the site point 
set, and the resulting flow rasters were aggregated to 
generate the road network. It should also be noted that 
traffic flow is only considered a dimensionless quantity 
due to the unknown number of people [70]. It represents 
a proportional relationship and can be interpreted as 
a relative number of people rather than an absolute 
number.

Road network accuracy evaluation
Our evaluation method is based on a similar assessment 
approach to that of Frachetti et  al. [12], and it validates 
the simulation’s accuracy by quantifying the spatial 
correspondence between independent historical 
site points (hereinafter referred to as control points) 
and SIM’s high-flow roads. However, good spatial 
correspondence does not imply that the results are 
non-random. Drawing on the work of Frachetti et  al. 
[12], statistical analysis was used to compare the spatial 
correspondence between control points or random 
points and the road network in order to determine the 
significance of their differences.

Initially, control points adjacent to key routes within 
the study area are identified, independent of settlement 
points used in road simulations, with an assumed 
number of control points of n. Then, a 500 m buffer zone 
was established around these control points to evaluate 
the adjacency relationship between routes and control 
points within the buffer zone. The maximum traffic flow 
is then extracted within the buffer zone, representing the 
road with the highest flow adjacent to the control point. 
A total flow value is calculated by adding all extracted 
flow values.

The null hypothesis assumes no significant difference 
exists between the proportion of control points and 
random points on high-flow roads. To simulate spatial 
correspondence due to randomness, n random points 
(equal to the number of control points) are placed within 
the study area, and the total flow value is calculated for 
each round of random iteration using the same steps. 
This random iteration process is repeated 200  times, 

yielding 200 random point samples. The distribution of 
total flow values from random points is then compared 
to the count of total flow values recorded from control 
points, resulting in the Z Score of the single-sample 
T-test. If the simulated network is sufficiently accurate, 
the Z Score will have an absolute value greater than 2, 
indicating a significant deviation from the random model. 
Simultaneously, the P-value from the single-sample 
T-test should be less than 0.05, indicating a statistically 
significant difference and allowing us to reject the null 
hypothesis.

Results
The “Settlement’s interaction model” was executed by the 
model builder tool in ArcGIS Pro. The raster-represented 
traffic road networks were created by iterating over each 
point in each period and adding them together to make 
the final ones over four periods. We use the Natural 
Breaks method and manual adjustments to ensure 
statistical significance and visual clarity. The vector roads 
were transformed from the raster traffic and classified 
into levels 1–8 based on their traffic volumes, from high 
to low: Level 1 (40001 and above), Level 2 (20001–40000), 
Level 3 (12001–20000), Level 4 (8001–12000), Level 5 
(3001–8000), Level 6 (501–3000), Level 7 (101–500), and 
Level 8 (1–100) (Fig. 4).

The Shang Dynasty’s road structure was simple, with 
only short-distance roads. The Shang Dynasty’s main 
roads extended eastward from the Yin Ruins in Anyang, 
Central China, bypassing the Taiyi Mountains. They 
were divided into two eastward, one leading to the 
Qianzhangda site and the other to the Daxinzhuang and 
Subutun sites [35]. The roads became more complicated 
from Western Zhou, Spring & Autumn to the Warring 
States Period. They developed significantly faster than 
those in the Shang Dynasty (Fig. 4), with an increase in 
road length and average traffic volume in some areas such 
as southwest and southeast Shandong Province, as well as 
the northern side of the Taiyi Mountains. Finally, dense 
roads covered almost the entire Haidai region during the 
Warring States Period. The road network emerged, as 
evidenced by an increase in road length, complexity of 

Fig. 3  Schematic diagram of the flow accumulation method (flow rasters overlaid to form a grid road network) for Sites A, B and C 
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the road structure, and the formation of long-distance 
communication roads centered on Linzi (the capital of 
Qi State), Qufu (the capital of Lu State), Ju (the capital 
of Ju State), and so on. Furthermore, north–south 
communications were significantly improved through 
the central Taiyi Mountains, which aligned with findings 
from archaeological investigations [71].

The road lengths were calculated by multiplying the 
number of raster cells representing roads at different 
levels by the raster’s spatial resolution (Table  1, Fig.  5). 
The total lengths were 1023,231.87  km, with Shang 
Dynasty accounting for 232,939.35 km, Western Zhou for 
273,453.84 km, Spring & Autumn for 23,129.91 km, and 
Warring States for 285,547.77 km. However, level 8 roads 
were excluded due to low traffic, implying little flow. 
The total road lengths (sum of first-7th level roads) were 
19111.86  km for the Shang Dynasty, 35269.02  km for 
Western Zhou, 51,555.42 km for Spring & Autumn, and 
77456.88  km for the Warring States. Furthermore, the 
proportion is calculated by dividing the length of roads 
at each level (1st-7th) by the total road length. From the 

Shang Dynasty to the Warring States Period, the length 
of each road hierarchy increased almost entirely, with an 
unusual reduction in first-grade roads, most likely due 
to the disappearance of coastal routes on the Jiaodong 
Peninsula. Overall, the changes in road length matched 
the proportion of the first six levels. However, on the 
seventh level road from Shang Dynasty to Warring States, 
the length increased while the proportion decreased, 
with percentages of 809, 651, 602, and 556‰, respectiv
ely.

Discussion
Robustness checks on simulated ancient road networks
First, some related relic sites were used to evaluate the 
accuracy of the SIM-generated road networks, which 
included the arsenal, ancient battlefield, and Great 
Wall pass, all of which were likely located at critical 
road network nodes (Fig.  6). A total of 64 relic sites, 
hereinafter referred to as control points, were collected 
from historical records and archaeological excavation 
reports, including 23 arsenals, 16 ancient battlefields, and 

Fig. 4  Road network maps during the Bronze and early Iron Ages in the Haidai region of China. a Shang Dynasty; b Western Zhou Dynasty; c Spring 
& Autumn Period; d Warring States Period
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25 Great Wall passes belonging to the Qi and Lu states 
[72, 73]. Furthermore, 56 control points were preserved 
because the remaining 8 points overlapped with the 
site points used to create these ancient road networks. 
Simple statistics showed that 39 (69.64%) road control 
points fell on the simulated road network, which is 
higher than the 57.36% accuracy achieved by Frachetti 
et  al. [12] under similar assessments. There are several 
possible explanations for this nonconformity. On the one 
hand, the least cost principle may cause intra-regional 
traffic to congregate on the least expensive road rather 
than dispersing across multiple roads [26]. On the other 
hand, some road control points, such as those along the 

southeastern coast, are strategically located rather than 
in densely populated areas.

Further quantitative studies and validation were 
conducted to assess the model’s statistical accuracy. 
The statistical results of this test revealed that the mean 
value of the sum of the simulated traffic was 41,840, the 
minimum and maximum traffic values were 6585 and 
134,621, respectively, and the standard deviation (s.d.) 
was 21,822 (Fig.  7). In contrast, the traffic value was 
200,211 calculated using control points, significantly 
higher than the one reconstructed using random points. 
According to the calculated Z score on the random point 
queue (Z Score = 7.26), the traffic values simulated by the 
control points far exceeded the mean value calculated 

Table 1  The length and proportion of roads with different levels in the Haidai region of China during the Bronze and Early Iron Ages

Period Statistics Rank 1 Rank 2 Rank 3 Rank 4 Rank 5 Rank 6 Rank 7 Rank 8

Shang Length/km 0.00 0.09 0.54 4.77 46.62 3598.92 15461.92 213827.55

Proportion/‰ 0.000 0.005 0.028 0.250 2.439 188.308 808.970 –

Western Zhou Length/km 83.70 106.29 219.42 340.20 1830.60 9714.24 22974.57 238184.80

Proportion/‰ 2.373 3.014 6.221 9.646 51.904 275.433 651.409 –

Spring & Autumn Length/km 101.34 97.02 322.92 469.35 2504.61 17019.63 31040.45 179735.50

Proportion/‰ 1.966 1.882 6.264 9.104 48.581 330.123 602.081 –

Warring States Length/km 42.75 483.75 624.06 804.51 5250.87 27179.55 43071.39 208091.90

Proportion/‰ 0.552 6.245 8.057 10.387 67.791 350.899 556.069 –

Fig. 5  Quantitative statistics of roads of various levels in the Haidai region of China during the Bronze and Early Iron Ages. a Road lengths; b 
Proportion of roads
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by the random points (more than seven standard 
deviations). The one-sample t-test (p < 0.01) confirmed a 
significant difference in simulated flow values between 
road control points and random points. In a nutshell, the 

high traffic roads simulated by SIM exhibit a non-random 
good spatial correspondence to historically recorded 
sites.

Fig. 6  Comparison of the simulated road network and road control points belonging to the Warring States Period in the Haidai region of China

Fig. 7  The sum of buffered traffic values extracted from random points (mean value of 41,840) compared to actual point values (200,211) 
in the flow network (Z-score > 7)
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Evolution of roads during the bronze and early iron ages 
in the Haidai region of China
In the Shang Dynasty, the total length of roads (average 
road flow) was 19,112  km (6.6), and then increased 
to 35,269  km (31.7) in the Western Zhou Dynasty, 
51,555  km (42.8) in the Spring & Autumn Period, and 
77,456  km (75.5) in the Warring States Period. Road 
networks in the Haidai region evolved from relatively 
simple routes during the Shang Dynasty to a more 
complex network during the Zhou Dynasty (Figs. 4 and 
8).

During the Shang Dynasty, roads with rank 7 made up 
80.9% of the total length of roads with ranks 1–7, and 
these roads were likely similar to modern inter-village 
paths. For example, the Daxinzhuang site was a major 
road network hub. However, the activity radius was only 
5 km because the primary resources, such as stone, were 
only extracted from the neighboring mountainous area 
[74], and the artisanal products most likely only met the 
self-sufficiency needs represented by the bone-making 
industry [75]. The small-scale economy confined to a 

short distance made establishing a regional road network 
difficult.

Nonetheless, there were a few faint long-distance 
road lines in the Shang Dynasty. As the capital of the 
Shang dynasty, Yin was one of the largest cities during 
the Bronze Age. In contrast, the Daxinzhuang site, 
significantly smaller in scale compared to Yin, was still 
one of the most prominent in the Haidai region [34] 
despite not being a city at that time [76]. A solid urban 
gravitational force of Yin resulted in the formation of a 
centripetal transportation network with six levels of 
roads. One road extended northeastward along the 
Yimeng Mountains, passing through significant sites 
such as Daxinzhuang and Subutun (Fig.  4a), confirming 
the historical route of the “Eastern expedition to the 
barbarians” [77]. The scarcity of produced salt in Yin and 
its surroundings necessitated extensive transportation of 
sea salt from northern Shandong Province [78], which 
most likely prompted the development of these long-
distance roads from the eastern coast to Yin [77].

Fig. 8  The line densities of road networks in the Haidai region of China during the Bronze and Early Iron Ages. a Shang Dynasty; b Western Zhou 
Dynasty; c Spring & Autumn Period; d Warring States Period
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According to historians, the road network in China 
was formed during the Spring & Autumn Period [79]. 
Our findings showed that the road networks in the 
Western Zhou Dynasty and Spring & Autumn Period 
were similar (Fig.  4b, c). The length of roads at levels 
1–6 increased to 34.86 and 39.79% of total road lengths 
in the Western Zhou Dynasty and the Spring & Autumn 
Period, respectively, indicating significant transportation 
progress from the Shang Dynasty to the Spring & Autumn 
Period. Road networks eventually emerged, focusing on 
state capitals in the Haidai region such as Linzi, Qufu, 
and Ju. At the time, this area had more than one-sixth 
of China’s large cities, with 69 in Lu State and 46 in Qi 
State [80]. The growth of cities facilitated communication 
and the formation of radial road networks centered on 
major cities [81]. Furthermore, the road network broke 
through topographic barriers, forming roads that crossed 
mountainous terrain in central Shandong Province [71].

The road network expanded during the Warring States 
Period, reaching 77,456 km, with the average flow nearly 
doubling that of the Spring & Autumn Period. The total 
length of class 1–3 roads increased significantly during 
the Warring States Period compared to the Shang 
Dynasty, Western Zhou Dynasty, and Spring & Autumn 
Period. This rapid development of the road network was 
most likely attributed to significant social transformations 
during the Warring States Period. Iron was widely used 
in agriculture and the military [43, 82, 83], and the 
popularity of iron farming tools helped significantly 
increase agricultural productivity [43, 84], promoting 
food and population growth. The population increased 
from over 10 million in the Spring & Autumn Period to 
over 30 million during the Warring States Period [32, 66, 
85]. As the population grew, so did the number of cities, 
which surpassed thousands [37], and this phase saw the 
second peak of city construction [36]. The development 
of road networks may had been aided by the growing 
population and the growth of cities in the Haidai region 
during the Warring States Period, which benefited from 
the development of iron smelting, sea salt industry, and 
commerce. Linzi, Qi State’s capital, was most likely the 
birthplace of iron smelting [86] and one of several major 
iron smelting centers in China during the Warring States 
Period [39]. Furthermore, the 3200  km-long coastlines 
most likely aided the development of the sea salt industry 
[78], as 250 sites were discovered in seven major site 
groups in the lower Xiaoqing River belonging to Qi State 
[40]. Merchants, represented by “merchant sage” Fan 
Li, primarily traded salt and iron in this region. [43, 83]. 
The development of iron smelting, salt production, and 
commerce all contributed to expanding the road network 
in this area.

Furthermore, the overall length of road networks 
increased and communication improved from the 
Western Zhou Dynasty to the Warring States Period, 
while the mean exchange distances decreased (Table 2), 
possibly due to city growth, social unrest, and state 
annexation. The second peak of city building in the 
Eastern Zhou Dynasty resulted in the expansion of 
medium and large settlements in the Haidai region and 
the emergence of more regional higher-order settlement 
centers [36]. The proliferation of subordinate higher-
order settlement centers most likely resulted in increased 
intra-regional exchange rather than long-distance 
exchange. Meanwhile, the East Zhou period was regarded 
as the most turbulent and warlike in Chinese history 
[87]. In the early Spring & Autumn Period, there were 
still over 1200 vassal states, with only seven major states 
remaining in late Warring States [85]. The great states 
facilitated domestic exchanges while limiting interstate 
communication [87, 88]. The emergence of multiple 
sub-advanced settlement centers and national border 
limitations are likely to have contributed to the reduction 
in urban exchange distances.

Conclusion
The road networks in the Haidai region between the 
Bronze Age and the Early Iron Age were reconstructed 
and analyzed using SIM. Regarding location and 
statistical patterns, the simulated road networks closely 
matched the road relic points.

Throughout the Bronze Age and Early Iron Age, 
communication networks in the Haidai area were 
constantly developing and changing. The road’s total 
length increased from 19,112  km in the Shang Dynasty 
to 35,269  km in the Western Zhou Dynasty, 51,555  km 
in the Spring & Autumn Period, and 77,456  km in the 
Warring States Period, with the average road traffic of 
6.6, 31.7, 42.8, and 75.5, respectively. Roads were still 
simple during the Shang Dynasty, but the attraction 
of Yin in the Central Plains prompted the centripetal 

Table 2  The average interaction radius (km) of representative 
settlements in the Haidai region of China during the Bronze and 
Early Iron Ages

Period Western Zhou Spring & 
Autumn

Warring States
Settlement name

Linzi (Qi State) 80.55 73.15 38.44

Qufu (Lu State) 70.39 54.09 40.26

Ju (Ju State) – 56.85 38.25

Xue (Xue State) 40.39 37.69 23.68

Teng (Teng State) 37.42 31.48 21.76
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routes that originated from Yin. Population growth and 
urbanization aided in the formation of road networks 
during the Western Zhou Dynasty and the Spring & 
Autumn Period, while the growth and prosperity of iron 
smelting, salt-making industry, and commerce fueled the 
rapid development of road networks during the Warring 
States Period. However, the gravity of urban exchange 
distances decreased because of frequent wars and the 
spread of sub-high-order settlements.

Our study presents the quantitative reconstruction of 
the ancient transportation road network from a spatial 
archaeological perspective, offering a novel approach 
to studying ancient cultural exchange. Although the 
large temporal and spatial scale employed in this study 
may have an impact on the accuracy of road network 
reconstruction, this study demonstrates the potential for 
studying interactive communications and road evolution 
in ancient times.

Acknowledgements
Not applicable.

Author contributions
HY, XJ, and LY: conceptualization and validation. HY: data curation and 
software. HY, SL, LY and XJ: methodology. HY and XJ: writing—original draft 
preparation. H. F. Lee, SL and LY: writing—review and editing. GT: supervision. 
All authors have read and agreed to the published version of the manuscript.

Funding
This work was supported by the Natural Science Foundation of China 
(42271163, 42301173), Natural Science Foundation of Jiangsu Province, China 
(BK20231283, BK20230386), Research Grants Council of The Government of 
the Hong Kong Special Administrative Region of the People’s Republic of 
China (34000323).

Availability of data and materials
The datasets generated and analyzed during the current study are available 
from the corresponding author upon reasonable request. The data analysis in 
this study can be obtained from the corresponding author upon reasonable 
request.

Declarations

Competing interests
The authors declare no competing interests.

Received: 31 January 2024   Accepted: 22 April 2024

References
	1.	 Beyin A, Hall J, Day CA. A least cost path model for hominin dispersal 

routes out of the East African Rift region (Ethiopia) into the Levant. J 
Archaeol Sci Rep. 2019;23:763–72.

	2.	 Li F, Petraglia M, Roberts P, Gao X. The northern dispersal of early modern 
humans in eastern Eurasia. Sci Bull. 2020;65:1699–701.

	3.	 Templeton A. Out of Africa again and again. Nature. 2002;416:45–51.
	4.	 Allentoft ME, Sikora M, Sjögren K-G, Rasmussen S, Rasmussen M, 

Stenderup J, et al. Population genomics of bronze age Eurasia. Nature. 
2015;522:167–72.

	5.	 de Barros DP, Martiniano R, Kamm J, Moreno-Mayar JV, Kroonen G, Peyrot 
M, et al. The first horse herders and the impact of early bronze age steppe 
expansions into Asia. Science. 2018;360:7711.

	6.	 Kumar V, Wang W, Zhang J, Wang Y, Ruan Q, Yu J, et al. Bronze and iron 
age population movements underlie Xinjiang population history. 
Science. 2022;376:62–9.

	7.	 Tao SHI. The Shangluo corridor and the emerging bronze age exchange 
network of early China. Archaeol Res Asia. 2023;34:100439.

	8.	 Jones M, Hunt H, Lightfoot E, Lister D, Liu X, Motuzaite-Matuzeviciute G. 
Food globalization in prehistory. World Archaeol. 2011;43:665–75.

	9.	 Pollard AM, Bray P, Hommel P, Hsu Y-K, Liu R, Rawson J. Bronze age metal 
circulation in China. Antiquity. 2017;91:674–87.

	10.	 Rawson J, Lubar S, Kingery WD. The ancestry of Chinese bronze vessels. 
Hist Things Essays Mater Cult Smithson Inst Press Wash DC. 1993;51–73.

	11.	 Wei Q, Li Y, Rehren T, Ma H, Li X, Chen J. Early brass from the 
Foyemiaowan-Xindiantai cemetery, 265–439 ce: the origin and diffusion 
of brass in ancient China. Herit Sci. 2022;10:159.

	12.	 Frachetti MD, Smith CE, Traub CM, Williams T. Nomadic ecology shaped 
the highland geography of Asia’s silk roads. Nature. 2017;543:193–8.

	13.	 Liu X. The silk road in world history. Oxford: Oxford University Press; 2010.
	14.	 Parry JH. The discovery of the sea. Berkeley: Univ of California Press; 1981.
	15.	 Howey MCL. Using multi-criteria cost surface analysis to explore past 

regional landscapes: a case study of ritual activity and social interaction in 
Michigan, AD 1200–1600. J Archaeol Sci. 2007;34:1830–46.

	16.	 Mlekuž D. Time geography, GIS and archaeology. Fusion Cult Abstr 38th 
Conf Comput Appl Quant Methods Archaeol Univ GranadaCAA Int 
Granada. 2010. p. 443–5.

	17.	 Verhagen P, Nuninger L, Groenhuijzen MR. Modelling of pathways and 
movement networks in archaeology: an overview of current approaches. 
In: Verhagen P, Joyce J, Groenhuijzen MR, editors. Finding the limits of 
the limes: modelling demography, economy and transport on the edge 
of the roman empire. Cham: Springer International Publishing; 2019. p. 
217–49.

	18.	 Xi X, An X, Zhang G, Liang S. Spatial patterns, causes and characteristics of 
the cultural landscape of the road of Tang poetry based on text mining: 
take the road of Tang poetry in Eastern Zhejiang as an example. Herit Sci. 
2022;10:129.

	19.	 Liu X, Lister DL, Zhao Z, Petrie CA, Zeng X, Jones PJ, et al. Journey to the 
east: diverse routes and variable flowering times for wheat and barley en 
route to prehistoric China. PLoS ONE. 2017;12:e0187405.

	20.	 Marshall F. The origins and spread of domestic animals in East Africa. In: 
Blench R, MacDonald K, editors. Orig dev Afr livest archaeol genet linguist 
ethnogr. Abingdon-on-Thames: Routledge; 2000. p. 191–221.

	21.	 Killick D. Cairo to cape: the spread of metallurgy through eastern and 
southern Africa. J World Prehistory. 2009;22:399–414.

	22.	 Field JS, Petraglia MD, Lahr MM. The southern dispersal hypothesis and 
the South Asian archaeological record: examination of dispersal routes 
through GIS analysis. J Anthropol Archaeol. 2007;26:88–108.

	23.	 Li F, Vanwezer N, Boivin N, Gao X, Ott F, Petraglia M, et al. Heading north: 
late pleistocene environments and human dispersals in central and 
eastern Asia. PLOS ONE. 2019;14:e0216433.

	24.	 Gustas R, Supernant K. Least cost path analysis of early maritime 
movement on the Pacific Northwest Coast. J Archaeol Sci. 2017;78:40–56.

	25.	 Harpster M, Chapman H. Using polygons to model maritime movement 
in antiquity. J Archaeol Sci. 2019;111:104997.

	26.	 Lancuo Z, Hou G, Xu C, Liu Y, Zhu Y, Wang W, et al. Simulating the route 
of the Tang-Tibet Ancient road for one branch of the Silk Road across the 
Qinghai-Tibet Plateau. PLoS ONE. 2019;14:e0226970.

	27.	 Ma J, Li F, Pang G, Liu W, Li C. The Restoration of the Ancient silk road on 
land and analysis of geographical features along the route. Geogr Geo-Inf 
Sci. 2017;4:123–8.

	28.	 Howey MCL. Multiple pathways across past landscapes: circuit theory as a 
complementary geospatial method to least cost path for modeling past 
movement. J Archaeol Sci. 2011;38:2523–35.

	29.	 White DA, Barber SB. Geospatial modeling of pedestrian transportation 
networks: a case study from precolumbian Oaxaca. Mexico J Archaeol Sci. 
2012;39:2684–96.

	30.	 Gao G, Shao W. One of the birthplaces for China civilization: Haidai 
Historic district. Prehistory Res. 1984;1:7–25.



Page 14 of 14Yong et al. Heritage Science          (2024) 12:145 

	31.	 Su B, Yin W. Guanyu kaoguxue wenhua de quxi leixing wenti [Regarding 
the regional system and cultural types of archaeology]. Cult Relics. 
1981;5:10–7.

	32.	 Ge J. History of population in China. Shanghai: Fudan University Press; 
2000.

	33.	 Hosner D, Wagner M, Tarasov PE, Chen X, Leipe C. Spatiotemporal 
distribution patterns of archaeological sites in China during the Neolithic 
and bronze age: an overview. The Holocene. 2016;26:1576–93.

	34.	 Chen X. A preliminary study of the settlement pattern of the Shang 
culture in the Shandong region. Huaxia Archaeol. 2007;1:102–15.

	35.	 Fang H. The eastern territories of the Shang and Western Zhou: military 
expansion and cultural assimilation. In: Underhill Anne P, editor. 
Companion to Chinese archaeology. Hoboken: Wiley; 2013. p. 473–93.

	36.	 Zou Y. Historical human geography of China. Beijing: Science Press; 2001.
	37.	 Fu C, Cao W. Introduction to the urban history of China. New York: 

Springer; 2019.
	38.	 Shen C. Early urbanization in the Eastern Zhou in China (770–221 BC): an 

archaeological view. Antiquity. 1994;68:724–44.
	39.	 Institute of Archaeology, Chinese Academy of Social Sciences, Shandong 

Institute of Cultural Relics and Archaeology, Research Center for 
Qi Culture Development of Linzi District, Zibo City. Archaeology of 
metallurgy and foundry industry in the Linzi city site of Qi state. Beijing: 
Science Press; 2020.

	40.	 Wang Q. New Thinking about the Salt Archaeology in Northern 
Shandong. East Asia Archaeol. 2015;144–75.

	41.	 Loewe M, Shaughnessy EL. The Cambridge history of ancient China: from 
the origins of civilization to 221 BC. Cambridge: Cambridge University 
Press; 1999.

	42.	 von Falkenhausen L. The economic role of cities in Eastern Zhou China. 
Archaeol Res ASIA. 2018;14:161–9.

	43.	 Von Glahn R. An economic history of China: from antiquity to the 
nineteenth century. Cambridge: Cambridge University Press; 2016.

	44.	 Plog S. Measurement of prehistoric interaction between communities. 
In: Flannery KV, editor. Early mesoamerican village. New York: Academic 
Press; 1976. p. 255–72.

	45.	 State Administration of Cultural Heritage. Atlas of Chinese cultural relics: 
henan fascicule. Beijing: Sinomap press; 1991.

	46.	 State Administration of Cultural Heritage. Atlas of Chinese cultural relics: 
Shandong fascicule. Beijing: Sinomap press; 2007.

	47.	 State Administration of Cultural Heritage. Atlas of Chinese cultural relics: 
Jiangsu fascicule. Beijing: Sinomap press; 2008.

	48.	 State Administration of Cultural Heritage. Atlas of Chinese cultural relics: 
Hebei fascicule. Beijing: Cultural Relics Publishing House; 2013.

	49.	 State Administration of Cultural Heritage. Atlas of Chinese cultural relics: 
Anhui fascicule. Beijing: Sinomap press; 2014.

	50.	 Tan Q. The Historical Atlas of China. Beijing: SinoMaps Press; 1982.
	51.	 Gillings M, Hacigüzeller P, Lock GR, editors. Archaeological spatial analysis: 

a methodological guide. New York: Routledge; 2020.
	52.	 Herzog I. The potential and limits of optimal path analysis. Abingdon-

on-Thames: Comput Approaches Archaeol Spaces. Routledge; 2016. p. 
179–211.

	53.	 Llobera M. Memory at your feet: modeling the agency of past trails. J 
Archaeol Sci Rep. 2020;29:102177.

	54.	 Johnson GA. Aspects of regional analysis in archaeology. Annu Rev 
Anthropol. 1977;6:479–508.

	55.	 Simini F, González MC, Maritan A, Barabási A-L. A universal model for 
mobility and migration patterns. Nature. 2012;484:96–100.

	56.	 Güimil-Fariña A, Parcero-Oubiña C. “Dotting the joins”: a non-
reconstructive use of least cost paths to approach ancient roads. The 
case of the Roman roads in the NW Iberian Peninsula. J Archaeol Sci. 
2015;54:31–44.

	57.	 Fábrega-Álvarez P, Parcero-Oubiña C. Proposals for an archaeological 
analysis of pathways and movement. Archeol E Calcolatori. 
2007;18:121–40.

	58.	 Soule RG, Goldman RF. Terrain coefficients for energy cost prediction. J 
Appl Physiol. 1972;32:706–8.

	59.	 Field S, Glowacki DM, Gettler LT. The importance of energetics 
in archaeological least cost analysis. J Archaeol Method Theory. 
2023;30:363–96.

	60.	 Pandolf KB, Givoni B, Goldman RF. Predicting energy expenditure 
with loads while standing or walking very slowly. J Appl Physiol. 
1977;43:577–81.

	61.	 Tobler W. Three presentations on geographical analysis and modeling. 
California: Santa Barbara: National Center for Geographic Information and 
Analysis, University of California; 1993.

	62.	 Peng W. A Textual Research of the Height of Chinese People in the Qin-
Han Period. Lit Philos. 2015;20–44.

	63.	 Crumley CL. Three locational models: an epistemological assessment 
for anthropology and archaeology. Adv Archaeol Method Theory. 
1979;2:141–73.

	64.	 Tobler WR. A computer movie simulating urban growth in the Detroit 
region. Econ Geogr. 1970. https://​doi.​org/​10.​2307/​143141.

	65.	 Willey GR, Phillips P. Method and theory in American archaeology. 
Tuscaloosa: University of Alabama Press; 2001.

	66.	 Yuan Z, Jiao P. A general history of Chinese population: Pre-Qin volume. 
Beijing: People’s Publishing House; 2007.

	67.	 Fang H, Feinman G, Underhill A, Nicholas L. Settlement pattern survey 
in the Rizhao area: a preliminary effort to consider Han and pre-Han 
demography. Indo-Pac Prehistory Assoc Bull. 2004;24:79–82.

	68.	 Feinman GM, Fang H, Nicholas LM. Coastal Shandong, China: the longue 
durée. J Anthropol Archaeol. 2019;55:101076.

	69.	 Llobera M, Fábrega-Álvarez P, Parcero-Oubiña C. Order in movement: a 
GIS approach to accessibility. J Archaeol Sci. 2011;38:843–51.

	70.	 Ge J, Cao S, Wu S. The history of migration in China. Fuzhou: Fujian 
People’s Publishing House; 1997.

	71.	 Pang X. An archaeological study on traffic in Shandong in Pre-Qin period. 
Guan Zi J. 2018;3:84–91.

	72.	 Hao D, Dong B, Cui S. Discussion on the Transportation of State of Qi. East 
Asia Archaeol. 2012;349–67.

	73.	 Lv J. Research on military settlements along the Qi great wall. Tianjin: 
Tianjin University; 2013.

	74.	 Qian Y, Fang H, Yu H. Resource and exploitation strategy of raw artifact 
stone materials at the Shang Dynasty Daxinzhuang, Jinan. Quateranry Sci. 
2006;26:612–20.

	75.	 Wang H, Campbell R, Fang H, Hou Y, Li Z. Small-scale bone working in 
a complex economy: the Daxinzhuang worked bone assemblage. J 
Anthropol Archaeol. 2022;66:101411.

	76.	 Zhou S. On Daxinzhuang Site of Shang Dynasty in Jinan. Cult Relics Cent 
China. 2011;12–6.

	77.	 Pang X, Gao J. A Preliminary Study of the Shang Culture Spreading 
Eastward of Late Shang Period. Cult Relics Cent China. 2009;29–34+47.

	78.	 Fang H. An Archaeological Study into Sea-salt Production in the Northern 
Shandong Area during the Shang and Zhou Period. Archaeology. 
2004;2+53–67.

	79.	 Shi N. Traffic roads in the Spring & Autumn Period. J Humanit. 1960;59–66.
	80.	 Zhang H. On the history of urban economic development in Spring & 

Autumn and Warring States. Shenyang: Liaoning University Press; 1988.
	81.	 Shi N. Traffic roads in the Warring States period. Collect Essays Chin Hist 

Geogr. 1991;19–57.
	82.	 Bai Y. Archaeological study of iron objects in China from the pre-Qin and 

the Han dynasties. Beijing: Science press; 2005.
	83.	 Yang K. History of warring states. Shanghai: Shanghai People’s Publishing 

House; 2003.
	84.	 Lei C. The archaeological discovery and significance of iron farm tools in 

warring states. Archaeology. 1980;3:259–65.
	85.	 Lu Y, Zezhi T. General history of Chinese population. Jinan: Shandong 

people’s publishing house; 2000.
	86.	 Zhang G, Yu K, Chen X. Zhongguo Yetie Fayuandi Yanjiu Wenji(collected 

essays on the areas of origin of iron casting in China). Jinan: Qi Lu Book 
Press; 2012.

	87.	 Wu G, Mu Z. History of the Chinese war (Volume I). Beijing: People’s 
Publishing House; 2016.

	88.	 Chiang CL. The scale of war in the warring states period. New York: 
Columbia University; 2005.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations.

https://doi.org/10.2307/143141

	Reconstructing and tracing the evolution of the road networks in the Haidai region of China during the Bronze and Early Iron Ages
	Abstract 
	Introduction
	Study area
	Materials
	Methods
	Data collection and pre-processing
	Modeling of LCPs friction surface based on Pandolf equation
	Evaluating settlement interaction intensity and weighted communication distance
	Extraction of road network based on the flow accumulation model
	Road network accuracy evaluation

	Results
	Discussion
	Robustness checks on simulated ancient road networks
	Evolution of roads during the bronze and early iron ages in the Haidai region of China

	Conclusion
	Acknowledgements
	References


